
Kollárová, Karolína and Tonková, Lucia 2025. The Use of Generative Artificial Intelligence in 
Interpreter Preparation. In: L10N Journal 1(4), pp. 67–109. 

67 

 

The Use of Generative Artificial Intelligence in 

Interpreter Preparation 

Karolína Kollárová and Lucia Tonková 

Independent researcher, Comenius University in Bratislava 

karolina.kollarova2@gmail.com, tonkova12@uniba.sk 

Abstract 
This article explores the role of generative artificial intelligence (GenAI) in the professional 
preparation of interpreters. It seeks to illustrate how an interpreter can implement GenAI into their 
preparation while ensuring its use is as safe and effective as possible.  

It begins with a brief description of GenAI in the context of translation, interpreting and explanation 
of our motivation to write this article. It then focuses on various external factors and their impact on 
GenAI, with particular attention paid to the role of training data and so-called hallucinations. It also 
addresses ethical considerations, including current debates and practical implications of working 
with GenAI in interpreting. 

The second half of the article focuses on the practical application of GenAI, presenting specific 
examples of how interpreters can use GenAI tools in their preparation. It describes some well-known 
GenAI models and briefly introduces prompt engineering. Using two specific model situations (one in 
2024 and another in 2025), it illustrates how GenAI can support interpreters in preparing for 
assignments safely and effectively, and investigates if and how the outputs of the given models have 
changed. 

Keywords: Generative artificial intelligence, Interpreter preparation, prompt engineering 

1 Introduction or GenAI in the Context of Translation and 

Interpreting 

Since the onset of GenAI, the translation and (to a lesser extent, also interpreting) 
industry has been undergoing an important transformation (ELIS 2024, Mei 2024). The 
onset of text-generative AI tools based on LLMs rapidly became a widely discussed 
topic, and some scholars professed that it would cause a complete transformation of 
the process of translation and interpreting (e.g. Fantinuoli & Dastyar 2022). 

Based on the most recent ELIS survey (2025), we could say that they were right (at least 
as far as translation is concerned). ELIS 2025 defines the rise of AI and other 
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technologies as a visible trend in the language industry, whereas GenAI “is most often 
used as an alternative for machine translation (less so among language departments) 
or for editing and translation quality control. It is also fairly popular for content creation 
tasks, especially for communication and marketing purposes in language companies” 
(ELIS 2025, 34). Many independent language professionals and language service 
providers see it as a tool that increases the efficiency of their work, but most 
respondents believe that it causes a decrease in rates as well as quality, employment of 
post-editing rather than translation and loss of work for many language professionals 
(ELIS 2025). Mei states that it is still challenging to “achieve high-quality translations 
without human intervention” (Mei 2024, 1022) and that human pre-editing and post-
editing still play a pivotal role (ibid.). However, it seems that technological 
advancement cannot be stopped, and clients of language professionals would rather 
not spend money on quality translation (cf. ELIS 2025). 

However, those focusing on voice-related language services, such as interpreting or 
audiovisual translation, seem to be less threatened by these technologies, even thriving 
(ELIS 2025, 5), but with regard to the rapid development of AI, they might soon also feel 
this trend as well. 

These new technologies are redefining the skills and competencies translators should 
possess, which inevitably leads to a change in educational approach (Tawffeek & Al-
Sowaidi 2023). The same goes for interpreters. Based on the ELIS survey, the use of 
GenAI is already an important part of many translation training programs (ELIS 2025, 
37). Only if translator training programs are aligned with industry trends and 
requirements can future language professionals succeed in the market (Balkul 2016; 
Szabó 2020). 

As a result, there is a pressing need for comprehensive training programs that equip 
translators and interpreters with the competencies required to effectively use emerging 
technologies. AI-powered tools are able to explain context, simplify long and complex 
documents, and help with terminology management. However, their advantages can 
only be fully realized when professionals are adequately trained to incorporate them 
into their workflows, and at the same time, they must understand their limitations and 
ethical considerations. 

Therefore, translation and interpreting curricula must be continuously updated to 
include understanding and working with the most widely used and effective tools, 
reflecting the latest technological developments. The training should also prioritize 
interdisciplinary competencies and practical teaching methodologies, which will 
prepare students for real-life assignments (Mei 2024, 1022–1023). 

With regard to this development and the pressing need arising from it to better prepare 
students (but also to better equip practicing translators and interpreters), we decided 
to write this article. We chose to focus on interpreters rather than translators, since 
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there is considerably less academic discourse on integrating AI into interpreting than 
into translation. The existing discourse on AI integration into interpreting focuses 
rather on computer-assisted interpreting, such as speech-to-text tools and consecutive 
automated speech translation (Horváth 2022, Pöchhacker & Liu 2024). Fantinuoli 
(2018) differentiates between process-oriented (terminology management systems) 
and setting-oriented technologies (computer software helping with oral translation). 
We decided to focus on using AI tools during interpreter preparation, since this is an 
activity available to all – professional interpreters and students as well. Basic forms of 
GenAI tools are free and can be used by anyone, while speech-to-text tools and other, 
more high-end computer-assisted interpreting tools usually are not. 

2 Factors Influencing GenAI 

Before engaging with GenAI tools in the preparatory phase of interpreting, it is essential 
for interpreters to develop a foundational understanding of the external factors that 
influence the functioning of these systems. Among the most significant considerations 
are the nature and quality of the data on which AI models are trained and the 
phenomenon of AI-generated hallucinations (Bubeck et al. 2023). These aspects have 
direct implications for the reliability and transparency of AI in interpreter preparation. 

2.1 Data 

According to the British mathematician Clive Humby, data has become the ‘new oil’ 
(University of Sheffield 2006), suggesting that just as oil was the driving force behind 
the third industrial revolution, data is the driving force behind the fourth one that we 
are currently experiencing. According to Mohammed et al., it is exactly AI that has 
profited the most from this “recent and future enormous growth of data” (2025, 1). 
However, we ought to be aware that this huge package of data that GenAI models work 
with is very heterogeneous. The data comes from different sources and is of different 
quality and up-to-datedness. The data used by GenAI is “critical for AI because it is the 
foundation upon which machine learning algorithms learn, make predictions, and 
improve their performance over time” (Aldoseri et al. 2023, 2). When we talk about 
data, we are primarily dealing with training data, as this is the data upon which the 
model was built. Here, considerable importance is placed on the volume of data, the 
quality of data, the type of data used, the up-to-datedness of data, and the source of 
data. The answers that AI provides are also influenced by user data (we do not have 
access to the nature and characteristics of that data), as well as whether the model has 
access to the information from the web browser. These factors all influence the GenAI 
output. 
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2.2 Hallucination 

Apart from data, the GenAI output is also impacted by another interesting phenomenon 
– the so-called hallucinations. A hallucination is any generated content that is not 
“consistent with the input, yet would likely have reasonable model log-likelihood” 
(Maynez et al. 2020, 3). In such cases, the generated output may not directly relate to 
the original input, yet the model’s internal scoring mechanism still deems it acceptable. 
Consequently, the output may appear highly plausible to the user, despite being 
factually incorrect. According to Ji et al. (2022), hallucinations may arise due to several 
factors, including low-quality training data, mismatches between the data and their 
sources, or deficiencies in the training methodology. 

Although hallucinations can bring a seemingly positive or surprising element, they are 
inherently a threat to the user. If the system produces information that does not exist 
or is not verifiable, this error may affect an interpreter’s performance. The interpreting 
preparation itself will be opaque and defective, as it may contain a lot of fictitious 
information. 

3 The Role of Ethics 

Apart from challenges posed by hallucinations and various factors influencing the data 
GenAI uses, there is also another issue we must consider – the critical question of ethics 
and bias. As interpreters increasingly rely on AI-driven tools for terminology extraction, 
contextual research, and simulations, the integrity and neutrality of these systems 
directly influence the quality of their preparation and work. 

Moorkens states that “ethics is a growing area of interest in technology in general, as 
technology becomes an increasingly integral part of all of our lives and many regions 
move towards ubiquitous computing” (2022, 122). With the exponential advancement 
of AI technologies over the past decade, the urgency to formulate clear principles for 
their responsible use has intensified. Efforts to define such principles have emerged not 
only from public institutions and governmental bodies, such as the European 
Commission’s Ethics Guidelines for Trustworthy AI1 (2019) or the OECD’s AI Principles2 
(2019, updated 2024), but also from the private sector. 

The study entitled The Global Landscape of AI Ethics Guidelines highlights a “global 
convergence emerging around five ethical principles: transparency, justice and fairness, 
non-maleficence, responsibility and privacy” (Jobin et al. 2019, 1). These principles are 
reflected in most standard ethical frameworks for AI and they can also serve as a useful 
reference for individual users when deciding how to engage with AI systems. 

 
1 https://digital-strategy.ec.europa.eu/en/library/ethics-guidelines-trustworthy-ai 
2 https://www.oecd.org/en/topics/ai-principles.html 
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AI bias is shaped by a range of factors, including the diversity and representativeness of 
data inputs, the algorithm design employed, the optimization methods applied, as well 
as the cultural and geographical contexts in which the model was developed (Duan et 
al. 2024, 13–14). Consequently, all these elements are shaped by the human factor, as it 
is ultimately human agents who intervene at various stages of AI development and 
implementation. In short, AI does not exist in a vacuum, and this is something users 
must be prepared to deal with while working with it. 

4 The Use of GenAI in Interpreter Preparation – Practical Examples 

The penetration of new technologies into the field of translation and interpreting is, 
according to Fantinuoli, a significant destabilizing element, which he calls the 
“technological turn in interpreting” (2018, 2–3). Orlando et al. specify that this includes 
“the advent of Artificial Intelligence (AI) and Large Language Models (LLMs)” (2024, 
6). 

However, AI is also not the threat that some consider it to be, but rather an incentive to 
rethink interpreters’ preparation. The key to the effective introduction of AI into 
interpreter preparation is learning how it works and how to use it. We will therefore 
take a closer look at the different GenAI models and their specificities, and consider 
which model is best suited to a particular task. We will explain the principle of 
communicating with GenAI and how to create effective prompts, and finally, we will 
use two model situations to show different ways of implementing GenAI in interpreters’ 
preparation for an assignment. At the same time, we will map the development of the 
chosen GenAI models over time – we will compare the results of (in most cases) the 
same prompts in 2024 and 2025. Therefore, the aim of this article is not only to provide 
interpreters and interpreting students with recommendations concerning prompt 
design, but also to illustrate the dynamic nature of this environment and the necessity 
for interpreters to monitor ongoing developments and observe the evolving behavior of 
AI models. We expected the GenAI output to be more up to date, but also more precise 
and briefer – in short, more effective. 

4.1 The Choice of a GenAI Model 

As of June 2025, there are multiple publicly accessible GenAI models on the market. 
Some come from tech giants such as Google or Microsoft and have many functions, but 
there are also many smaller, specialized models (e.g., for identifying diseases 
determining which plants need fertilizer, etc.). However, the abundance of models can 
cause confusion and lead to the random or inappropriate selection of a model, which 
can lead to poor results. When selecting a model, it is important to consider who owns 
it (due to bias and security) and how up-to-date it is (the up-to-datedness of the 
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training data affects the up-to-datedness of the model output). We also indicate 
whether the model is paid or not, as this factor also influences the choice of the model 
used by the interpreter. Of course, there are other parameters, such as bias or ethicality, 
but these are not precise parameters that we are able to assess without more extensive 
research. In the following section, we briefly describe the models we used in our 
research. At the time of conducting our research (both in 2024 and 2025), these were 
some of the most well-known GenAI models. At the same time, they were available to 
the general public in Slovakia and were free (except for ChatGPT-4.0 in 2024, which 
was, however, available for a relatively low fee). That is why we chose them. 

Table 1. Comparison of AI models (15 April 2024) 

Name Owner 
Model 
size 

Up-to-
datedness of 
data 

Price Privacy 

Gemini Google LLM Unknown 
Free (but there 
is also a paid 
version) 

Unexamined 

ChatGPT-
3.5 

OpenAI LLM 
Until September 
2021 (OpenAi – 
ChatGPT-3.5) 

Free Unexamined 

ChatGPT-
4.0 

OpenAI LLM 
Until April 2023 
(OpenAI – 
ChatGPT-4.0) 

Paid Unexamined 

Perplexity Perplexity.ai LLM 
Up-to-date 
(access to the 
Internet) 

Free (but there 
is also a paid 
version) 

Unexamined 

 

Table 2. Comparison of AI models (23 April 2025) 

Name Owner 
Model 
size 

Up-to-
datedness 
of data 

Price Privacy 

Gemin 2.0 
Flashi 

Google LLM 

Up-to-date 
(access to 
the 
Internet) 

Free (but 
there is 
also a 
paid 
version) 

Collects and stores 
data for LLM 
training. Possibility 
to pause Gemini 
Apps Activity –data 
will no longer be 
used for training 

ChatGPT-
4o 

OpenAI LLM 
Up-to-date 
(access to 

Free (but 
there is 

Collects and stores 
data for LLM 
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the 
Internet) 

also a 
paid 
version) 

training. Training 
can be switched off. 
Possibility to use 
temporary chat – 
stores data for 30 
days, cannot use it 
for training 

Perplexity Perplexity.ai LLM 

Up-to-date 
(access to 
the 
Internet) 

Free (but 
there is 
also a 
paid 
version) 

Collects and stores 
data for LLM 
training 

 

The comparison in the tables clearly demonstrates the emergence of newer versions of 
certain models. This development has led to changes in the “up-to-datedness” 
category, as most models now have internet access – something that was not common 
a year ago. As a result, the information provided by AI systems is now more current. For 
instance, the previously significant distinction between Perplexity and other models 
has diminished, as Perplexity already had internet connectivity at that time. 
Nevertheless, it remains the case that each model functions somewhat differently; 
although they all now have access to the same information, they process and utilize it 
in distinct ways. In light of these new developments, the choice is up to the user more 
than ever. At the beginning, users should try working with different models and 
determine which one is best suited for specific tasks. However, it is important to 
remember that regardless of which model we use, we should never completely rely on 
its outputs, and we should always verify them. 

4.2 Prompt Engineering 

As this article aims to contribute to the discussion on how interpreters can use GenAI 
models and how to integrate them into their workflow, it is crucial to begin with the 
most fundamental aspect: learning how to communicate effectively with these models. 
Since GenAI systems rely on user input, primarily in the form of written prompts (even 
though it is now also possible to communicate with some models via a voice interface), 
to generate meaningful and accurate outputs, interpreters should understand the 
principles of prompt construction to ensure the reliability, precision, and usefulness of 
the information retrieved. Mastering this interaction is key to fully leveraging GenAI as 
a support tool in interpreting preparation. 
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This section thus introduces the concept of prompting within the specific context of 
interpreting, providing guidance on how interpreters can optimize AI outputs to meet 
the demands of their profession. 

4.2.1 Basic Principles of Prompt Engineering 

Due to their appearance, most AI models can give the impression of being a simple 
chatbot, with which the user has a conversation using any questions that come to mind. 
The user may initially be captivated and even feel that it does not matter how the 
questions are formulated. However, the opposite is true, as Leo Lo explains in his paper, 
The CLEAR path: A framework for enhancing information literacy through prompt 
engineering, where he describes that the ability to create the right prompts helps to 
optimize the answer and improves critical thinking skills, which are essential when 
working with GenAI models (2023, 1). Lo’s standardized framework, called CLEAR, 
focuses on five components that users should respect when creating prompts so that 
model outputs do not resemble answers ripped from an encyclopedia. The prompts 
should be “Concise, Logical, Explicit, Adaptive, and Reflective” (2023, 2). 

a) Concise – Concise prompts help “the AI model to focus on the important aspects of 
the task” and provide more accurate answers (Lo 2023, 2). We recommend avoiding 
modal structures, polite phrases commonly used in human conversation, and 
unnecessary repetitive descriptions. 

b) Logical – Logical prompts help the model “better comprehend the context and 
relationships between various concepts” (Lo 2023, 2). When designing prompts, we 
should keep in mind that the relationships between concepts should be obvious and 
subject to logical consequence. 

c) Explicit – If we do not want to be overwhelmed by unnecessary information, explicit 
prompts are essential. The prompt should include “precise instructions regarding the 
desired output format, content, or scope” (Lo 2023, 3). We should therefore always set 
some kind of framework for the system, for example: write me 3 examples or give 10 
abbreviations, their full names, and explanations. However, we must be careful, as the 
primary goal of the UI model is to complete the challenge. This can sometimes lead to 
hallucinations, where the model invents things that are not true or verified just to 
complete the challenge. 

d) Adaptive – Lo characterizes adaptability as striving to find the right balance between 
creativity and purposeful prompt creation (2023). When working with the model, the 
user should experiment and adapt their next prompt to the previous output of the 
system (ibid.).  

e) Reflective – Lo characterizes it as the ability to perceive and assess the quality and 
relevance of the outputs of individual GenAI models, enabling users to determine where 



Kollárová, Karolína and Tonková, Lucia 2025. The Use of Generative Artificial Intelligence in 
Interpreter Preparation. In: L10N Journal 1(4), pp. 67–109. 

75 

 

the model is lacking and where the prompt itself is lacking (2023, 2). Through the active 
use of GenAI models, users should progressively improve their ability to formulate 
effective prompts while also developing an understanding of which GenAI models are 
most appropriate for specific tasks within particular domains. 

The CLEAR framework is therefore a suitable basis for creating prompts, as it 
emphasizes that communication between the user and the AI should be accurate, 
unambiguous, and context-oriented. Kollárová (2024) illustrated how individual 
principles of the CLEAR framework can directly influence GenAI outputs in different 
models.  

The comparison of model scenarios from 2024 and 2025 demonstrates the universality 
of this approach, which remains applicable even as models evolve, change, and operate 
with different sets of information. It further underscores the importance of learning to 
communicate effectively with AI systems – an essential skill for interpreters seeking to 
work efficiently and reliably with these technologies in their professional practice. 

4.3 The Use of GenAI in Interpreter Preparation 

The preparatory phase is crucial for ensuring the accuracy and fluency of the 
interpretation. It helps the interpreter to familiarize themselves with a topic that is 
often unfamiliar or completely unknown to them. Therefore, preparation for an 
assignment may include familiarizing oneself with the subject and topics that may be 
related to it, learning specialized terminology in both languages, and understanding the 
extralinguistic context (cf. Fantinuoli 2017). This kind of preparation can often be 
complex – time-consuming if the materials are provided well in advance, or extremely 
stressful if the materials are provided on short notice. It might even happen that there 
are no materials provided beforehand at all, which negatively influences the 
interpreter’s output (Díaz-Galaz et al. 2015). It is precisely because of these complex 
conditions that GenAI models are becoming a valuable work tool for interpreters. 
Effective use of AI can help interpreters with:  

− familiarizing themselves with the topic, event, speakers, or context of the event, 
− creating glossaries and extracting relevant terms or phrases, 
− summarizing extensive text and audiovisual documents, 
− ad hoc translation, 
− simulating event content such as speakers’ opening remarks, topics for 

individual discussions, or questions and answers at the end of a discussion. 

We illustrate the use of AI in two model situations that interpreters face in practice 
(client did not provide any materials, and the client provided materials). The interpreter 
must adapt quickly to the given situation and to when and whether they receive any 
source material and use AI models appropriately. 
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In order to better map trends in GenAI development, we decided to compare how 
selected models respond to identical or similar prompts in 2024 and 2025 and chart the 
trends and tendencies, which are useful to know for anyone working with GenAI, not 
only interpreters. This comparison not only shows changes in AI performance but also 
reflects the dynamic nature of the technology. It underscores the need for interpreters 
to stay current with AI developments to use them effectively. Ultimately, it 
demonstrates AI’s increasing relevance in real-world interpreter workflows. 

4.3.1 Model Situation 1 – Insufficient Prior Documentation 

An interpreter is preparing for a full day of simultaneous interpreting from Slovak into 
English at a conference. The client provided only publicly available materials: the name 
and location of the event, a list of speakers, the program, and the participants of the 
panel discussions. The interpreter is not an expert in the given field and has never 
worked with this topic before. In 2024, the topic of the conference is developments in 
ESG3 (Environmental, Social, Governance). In 2025, it is the financial management of 
enterprises (Finančné riadenie podnikov 2025)4. We chose these two conferences because 
they are similar in terms of topic and the amount of information provided on the 
webpage. They are also organized by the same organizer. 

In this model situation, the interpreter is confronted with the challenge of anticipating 
the content of an event. This is a difficult task, especially when they are unfamiliar with 
the subject area. In such cases, GenAI may serve as a valuable tool to support their 
preparatory efforts. 

a) GenAI as a Research Tool 

GenAI can help interpreters who have only a little background information to 
familiarize themselves with the topic, event, speakers, or context of the event. In this 
case, the key parameter for selecting a GenAI model is the up-to-datedness of its data, 
as the interpreter should work with the most up-to-date information. It is therefore 
ideal to use models that have been trained on the most recent data and models that can 
draw on current data in real time from the internet. Such models now include Gemini, 
ChatGPT-4.0, ChatGPT-4o, and Perplexity. In addition, it is also important that the 
GenAI model is neutral and as unbiased as possible, which is also linked to the model’s 
ability to cite sources of information. The most thorough GenAI model in this regard 
was Perplexity in 2024, as it always cited sources, which, of course, does not guarantee 
the accuracy of the information displayed by the AI, but allows for quick verification. 
Below, we look at two examples, one from 2024 and one from 2025. 

 
3 https://konferencie.hnonline.sk/produkt/cfa-society-slovakia-esg-summit-2024 
4 https://konferencie.hnonline.sk/produkt/financne-riadenie-podnikov_2025- 

https://konferencie.hnonline.sk/produkt/cfa-society-slovakia-esg-summit-2024
https://konferencie.hnonline.sk/produkt/financne-riadenie-podnikov_2025-
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4.3.1.1 Initial Survey – 2024 

Prompt: Act as an interpreter researching for an event called CFA SOCIETY SLOVAKIA ESG 
SUMMIT 2024. List a whole program of the event including times and speakers. 

Figure 1. Perplexity, 12 April 2024 
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While conducting an initial survey, we asked Perplexity to provide the program, 
including times and speakers. The program of the conference was available online, and 
we used a clear and specific prompt. It delivered, while also citing the source (website) 
where the information came from. The next step for the interpreter could be to create a 
list of individual speakers. While designing the prompt, we also specified the role the 
model should “step into” – in this case, an interpreter. 

Prompt: Output in table. First column: exhaustive list of speakers and hosts in order of 
appearance during conference. Second column: gender of speaker (F for female, M for male). 
Third column professional position in English. Fourth column: position in Slovak. 

Figure 2. Perplexity, 12 April 2024 
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The answer is organized in a table upon request. Perplexity correctly identified all 
speakers and hosts, as well as their gender and roles in English. However, we found 
several minor shortcomings: it did not correctly identify the surname of one speaker, it 
listed the organizing company as the first speaker, one host was not correctly placed in 
the order, and, of course, the Slovak translation of the roles was largely incorrect (this 
is probably because companies and organizations use very specific corporate 
translations of roles). This example therefore highlights two things that we should 
check the GenAI outputs for: the translation into Slovak and the factual information 
that matters to us (the listener must be able to hear the names and roles of the 
participants during the interpretation, as this is something that they can identify even 
in a foreign language, and it is of great informational value to them). 
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4.3.1.2 Initial Survey – 2025 

Prompt: Act as an interpreter researching for an event called Finančné riadenie podnikov 
2025. List a whole program of the event including times and speakers. 

Figure 3. Perplexity, 30 April 2025 
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In this case, Perplexity provided the program and cited the source (website) where the 
information came from. However, it explicitly stated that “Specific speakers are not listed 
in the available information,” even though the website focused on the event contained 
the program, including speakers for each panel. We continued with the second prompt, 
curious whether Perplexity would correct itself without us pointing out the mistake. 

Prompt: Output in table. First column: exhaustive list of speakers and hosts in order of 
appearance during conference. Second column: gender of speaker (F for female, M for male). 
Third column professional position in English. Fourth column: position in Slovak. 

Figure 4. Perplexity, 30 April 2025 

 



Kollárová, Karolína and Tonková, Lucia 2025. The Use of Generative Artificial Intelligence in 
Interpreter Preparation. In: L10N Journal 1(4), pp. 67–109. 

82 

 

 
 

Perplexity did not deliver, as not a single speaker listed was attending the conference 
based on the conference webpage. We tried again, adding the source it should use for 
listing the speakers to the prompt. 
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Figure 5. Perplexity, 30 April 2025 
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This time, Perplexity successfully created a list of all speakers attending the conference 
in order of appearance, as well as their gender. The translation of positions from Slovak 
into English was also correct. However, the positions of two speakers were not 
identified properly. Out of thirteen, one job title was greatly generalized, and another 
lacked essential information. This proves that, if possible, it is also useful to provide the 
AI model with the exact source you want it to use in order to generate a more plausible 
output to your prompt. 

The results of this model scenario from 2024 and 2025 indicate that there has not been 
a substantial change in the situation. It remains evident that verifying critical 
information generated by AI and formulating prompts with precision are of continued 
importance. A potential difference, however, lies in the fact that this part of the research 
can now be conducted using newer models, as they are already connected to the 
internet. 

b) AI as an Aid in Creating Glossaries 

AI can help interpreters who have only limited source material to create glossaries 
focused on a specific field. The parameters for selecting an AI model are its up-to-
datedness and its size. In 2024, the interpreter could, for example, choose between 
Gemini and ChatGPT-4.0. In 2025, Gemini, Perplexity and ChatGPT-4o were equally up 
to date; therefore, the interpreter had a wider choice. 

4.3.1.3 Creating a Glossary without Prior Documentation– 2024 

Prompt: 20 outputs in table. First column: English multi-word terms related to ESG field. 
Second column: Slovak equivalent. Third column: Definition of term in English. 
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Figure 6. Gemini, 12 April 2024 

 
 

The output from Gemini is in the form of a clear table, which can even be exported. 
However, the output contains only 19 terms, even though we asked for 20. Although the 
output looks very credible at first glance, the problem with this prompt may be that it 
is too general and therefore not all words necessarily relate to the ESG area. This must 
be verified by the specific GenAI user, who must also decide whether the terms are 
relevant to them. We consider two terms not to be directly related to the field of ESG. 
We therefore recommend studying the topic first and then creating a glossary, as this 
makes it easier to formulate a specific prompt and also helps to determine which terms 
are not related to the given topic. The second problem could, of course, be the Slovak 
translation, which the interpreter must check before using the terms. In this case, we 



Kollárová, Karolína and Tonková, Lucia 2025. The Use of Generative Artificial Intelligence in 
Interpreter Preparation. In: L10N Journal 1(4), pp. 67–109. 

86 

 

checked the IATE database and the Linguee database. We discovered that 7 terms were 
translated correctly, 7 partially correctly (wrong synonym, grammar issues), and 
5 incorrectly. 

4.3.1.4 Creating a Glossary without Prior Documentation – 2025 

Prompt: 20 outputs in table. First column: English multi-word terms related to 
macroeconomics field. Second column: Slovak equivalent. Third column: Definition of term in 
English. 

Figure 7. Gemini 2.0 Flash, 30 April 2025 
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Gemini again provided a clear, exportable table with 20 terms. In this case, all the terms 
were connected to the topic of macroeconomics. Based on the IATE and Linguee 
databases, 18 terms were translated correctly, one was translated partially correctly, 
and one was translated incorrectly, which is a significantly more positive result when 
compared to the previous year. However, we still strongly advise double-checking the 
translations. 

These glossaries are not intended to serve as the final versions to be used during the 
actual interpreting assignment. Rather, they are meant to function as a source of 
inspiration from which the interpreter may selectively draw. Additionally, they may 
serve as a starting point for further in-depth study of terms and concepts with which 
the interpreter may be unfamiliar. 
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4.3.1 Model Situation 2 – Sufficient Prior Documentation 

An interpreter is preparing for a full day of simultaneous interpreting between Slovak 
and English on a proposed European Union regulation on AI – specifically, the 
REGULATION OF THE EUROPEAN PARLIAMENT AND OF THE COUNCIL LAYING 
DOWN HARMONISED RULES ON ARTIFICIAL INTELLIGENCE (ARTIFICIAL 
INTELLIGENCE ACT) AND AMENDING CERTAIN UNION LEGISLATIVE ACTS, or the AI 
Act5. The interpreter is not an expert in this field and has not worked with this topic 
before. The client has provided the proposed regulation in all the languages covered 
during the session – the model interpreter has only Slovak and English in their 
combination; therefore, we will focus only on these languages. The AI Act in English is 
108 pages long (and contains 49,634 words, according to Word); the Slovak version is 
112 pages long (and contains 44,221 words according to Word documents). The 
interpreter also has access to several videos on the subject, specified below (Working 
with Audiovisual documents (2024 & 2025)). The extensive background materials are 
provided at very short notice. We used the same model situation in 2025 as in 2024, 
since the AI Act is still an up-to-date topic. We were solely interested in whether the 
output would change based on the same documents provided. 

This model situation puts the interpreter in an entirely different context. Preparation 
can be challenging, and the interpreter may not always be able to correctly assess what 
to focus on. They may get stuck reading a 70-page document that may only be 
mentioned briefly and not have time to prepare a quality glossary of terms or watch 
audiovisual materials. AI can help determine what the interpreter should take a closer 
look at, as it allows them to quickly analyze the situation and get an overview of the 
topic. 

However, before an interpreter uploads a document to any AI model, they must answer 
several questions: How secure is the AI model? Does it store the information and documents I 
upload, and if so, how? Is it appropriate for me to upload my clients’ documents? Are the 
documents sensitive or in any way protected? What about secrecy and copyright? Based on the 
answers to these questions, the interpreter must consider which model to use and 
which source materials to work with within that model so as not to jeopardize 
themselves or their client. 

a) AI as a Research Tool 

4.3.2.1 Initial Survey – 2024 & 2025 

Prompt: What is the role of the European Commission in monitoring compliance with the EU 
AI Act? 

 
5 https://eur-lex.europa.eu/legal-content/EN/TXT/?uri=celex:52021PC0206 

https://eur-lex.europa.eu/legal-content/EN/TXT/?uri=celex:52021PC0206
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Figure 12. Gemini, 13 April 2024 
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Figure 13. Gemini 2.0 Flash, 30 April 2025 
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This prompt is much more specific, as it concerns the Commission’s specific role in 
monitoring compliance with this Regulation, and the answer is therefore also more 
specific. However, the output from 2025 goes into too much detail and is rather long. In 
2024, it had 105 words; in 2025 the number rose to 501 words. Therefore, we advise 
providing the GenAI model with a specific framework regarding the length of the 
output – for example: Specify in 10 sentences / in 2 points… This means following the 
rule of being Explicit in the CLEAR framework in order to receive more concise and 
helpful answers. 

b) AI as an Aid in Creating Glossaries 

AI can analyze large amounts of content in a fraction of the time it would take a human. 
It is therefore ideal for creating specialized glossaries from source materials provided to 
interpreters. Such an analysis can be performed, for example, by ChatGPT-4.0 
(ChatGPT-4o) after the user provides it with a PDF file of the REGULATION OF THE 
EUROPEAN PARLIAMENT AND OF THE COUNCIL LAYING DOWN HARMONISED 
RULES ON ARTIFICIAL INTELLIGENCE (ARTIFICIAL INTELLIGENCE ACT) AND 
AMENDING CERTAIN UNION LEGISLATIVE ACTS in English. The model is then 
instructed, for example, to generate a table containing ten entries. Each entry should 
represent a single term, which the AI subsequently explains. 

4.3.2.2 Creating a Glossary Based on Extracting Terms from Source Materials 

(2024 & 2025) – Term and Definition in One Language 

Prompt: Analyze this document and create output in table (10 entries). First column: English 
term related to a field of AI. Second column: explanation of this term. 
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Figure 14. ChatGPT-4.0, 14 April 2024 
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Figure 15. ChatGPT-4o, 30 April 2025 
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In both cases, ChatGPT created a clear table of English terms that are related to GenAI 
and provided explanations in English upon request. All the listed terms were found in 
the source document. An interesting observation is that even though we provided it 
with the same source document, its output in 2025 was different from that in 2024. In 
some cases, ChatGPT selected different terms, and even with the same terms, their 
descriptions were a bit different. When we compare both outputs, we can see that out 
of ten terms, five were picked in both 2024 and 2025, but their descriptions differed, 
mainly on a formal level – content-wise, it was similar but tended to be more general 
than in 2024. In two cases, Gemini picked very similar terms. In three cases, Gemini 
picked entirely different terms in 2024 and 2025. We believe that the more general 
output from 2025 provides the user with a better understanding of the act. This is useful 
especially in cases where the interpreter is not familiar with the act at all and need to 
familiarize themselves with it quickly. 

We encourage users to provide a model with various specifications, for example: list 
only terms related to AI, list multi-word expressions, or list all relevant institutions, and 
so on. Once again, the principle applies that the more precisely the prompt is 
formulated, the higher the quality of the results. Our prompt was: Analyze this document 
and create output in table (10 entries). First column: English term related to a field of AI. 
Second column: explanation of this term. Now we suggest a different formulation: Analyze 
this document and create output in table (20 entries). First column: 10 English multi-word 
term related to artificial intelligence found in the document and 10 English terms found in the 
article “Definitions” of the document. Second column: one sentence explanation of this term. 
We suggest making use of the fact that European Union regulations contain an article 
on definitions, while also bearing in mind that there might be some other useful terms 
elsewhere in the text. 

4.3.2.3 Creating a Glossary Based on Extracting Terms from Source Materials 

(2024 & 2025) – Term and Its Translation 

ChatGPT-4.0 (and ChatGPT-4o also, to a lesser extent) allows uploading multiple 
documents. This means that an interpreter could upload both the English and Slovak 
versions of the same document (since the EU has both versions) and ask the model to 
find the equivalent terms. 

Prompt: Align these two documents and create 20 output table. First column: English term 
related to AI. Second column: direct equivalent of this term taken from the Slovak document. 
DO NOT provide your own translation, search the Slovak document and provide a term 
equivalent. If you cannot find provide the term equivalent, write NOT FOUND. 
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Figure 16. ChatGPT-4.0, 14 April 2024 
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Figure 17. ChatGPT-4o, 30 April 2025 
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Although the tables look credible at first glance, several terms are incorrect. In the 2024 
table, ChatGPT listed two terms that were not found in the source document. Out of 18 
terms that were, ten were translated incorrectly, and eight were translated correctly. 
This is clear evidence that ChatGPT-4.0 was unable to compare two documents at once 
to the extent that it can create a multilingual glossary. It simply machine-translated the 
individual terms. Neither the Gemini model (which did not yet offer the option to 
upload documents) nor the Perplexity model (where we encountered the same 
problems as with ChatGPT-4.0) could meet this challenge at the time. In 2025, ChatGPT 
was still not able to extract the terms reliably. Four terms listed were not found in the 
source document. Out of remaining 16, six were translated incorrectly, ten were 
translated correctly. Nine terms were listed both in 2024 and 2025. Based on the model 
scenarios from both years, it is evident that AI is not yet capable of performing this 
specific task. However, this does not preclude the possibility that it may acquire such 
capabilities in the future. For the time being, though, its limitations remain apparent. 
ChatGPT hallucinates some terms and machine-translates them rather than looking for 
them in the documents. 

c) AI as an Assistant in the Analysis and Summarization of Source Materials 

4.3.2.4 Working with Text Documents (2024 & 2025) 

If we look at a specific model situation and the document we analyzed in the glossary 
section (the English version of the AI Act), the interpreter would have to read this 112-
page document, which would take approximately 2.5 hours. In this case, the interpreter 
could ask Perplexity to summarize the document. The prompt was created to illustrate 
the model’s capabilities in 2024. It could simplify the summary (for a ten-year-old 
child) or create it at a higher level (for a member of the European Parliament). Such a 
summary could tell the interpreter whether the document is worth dealing with at all. 
In 2025, all the AI models we used would be able to provide us with a similar answer, 
but for the sake of consistency, we used Perplexity. 

Prompt: Summarize this document in two ways: as if I were a 10-year-old and as if I were an 
MP in the European parliament. 
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Figure 18. Perplexity, 14 April 2024 
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Figure 19. Perplexity, 30 April 2025 
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In 2024 and 2025, Perplexity provided us with similar answers, especially in the 
summary for a 10-year-old, both content-wise and structure-wise. In 2025, we can see 
a tendency toward a more structured format (bullet points), but also a slightly longer 
answer in the summary for an MP. 

4.3.2.5 Working with Audiovisual documents (2024 & 2025) 

Apart from text, GenAI models can also work with audiovisual material. The following 
prompt asks the model to summarize three videos related to the proposed European 
Union regulation on AI. The prompt asks Perplexity to give five-sentence summary of 
each video, list who the main speaker is, and specify when and where the speech is 
taking place. These could be considered basic pieces of information that should help 
interpreters decide whether they should watch the video or not. 

• One video comes from a joint meeting of two committees: LIBE and IMCO 
(https://multimedia.europarl.europa.eu/sk/webstreaming/joint-
committee-on-internal-market-and-consumer-protection-and-
committee-on-civil-liberties-justice_20240213-0930-COMMITTEE-
IMCO-LIBE). 
Length: 7 minutes and 40 seconds 
Number of speakers: 4 

• The second is from an EP plenary session 
(https://multimedia.europarl.europa.eu/en/webstreaming/plenary-
session_20240312-0900-PLENARY?seekTo=240312145235). 
Length: 7 hours 42 minutes 47 seconds 
Number of speakers: more than ten 

• The third is from the EP press conference 
(https://multimedia.europarl.europa.eu/en/webstreaming/press-
conference-by-brando-benifei-and-dragos-tudorache-co-rapporteurs-
on-ai-act-plenary-vote_20240313-1100-SPECIAL-PRESSER). 
Length: 27 minutes 27 seconds 
Number of speakers: 7 

Prompt: Give me a 5 sentence summary of each video and list who are the main speakers in 
the video and where it is taking place: 

(links) 

https://multimedia.europarl.europa.eu/sk/webstreaming/joint-committee-on-internal-market-and-consumer-protection-and-committee-on-civil-liberties-justice_20240213-0930-COMMITTEE-IMCO-LIBE
https://multimedia.europarl.europa.eu/sk/webstreaming/joint-committee-on-internal-market-and-consumer-protection-and-committee-on-civil-liberties-justice_20240213-0930-COMMITTEE-IMCO-LIBE
https://multimedia.europarl.europa.eu/sk/webstreaming/joint-committee-on-internal-market-and-consumer-protection-and-committee-on-civil-liberties-justice_20240213-0930-COMMITTEE-IMCO-LIBE
https://multimedia.europarl.europa.eu/sk/webstreaming/joint-committee-on-internal-market-and-consumer-protection-and-committee-on-civil-liberties-justice_20240213-0930-COMMITTEE-IMCO-LIBE
https://multimedia.europarl.europa.eu/en/webstreaming/plenary-session_20240312-0900-PLENARY?seekTo=240312145235
https://multimedia.europarl.europa.eu/en/webstreaming/plenary-session_20240312-0900-PLENARY?seekTo=240312145235
https://multimedia.europarl.europa.eu/en/webstreaming/press-conference-by-brando-benifei-and-dragos-tudorache-co-rapporteurs-on-ai-act-plenary-vote_20240313-1100-SPECIAL-PRESSER
https://multimedia.europarl.europa.eu/en/webstreaming/press-conference-by-brando-benifei-and-dragos-tudorache-co-rapporteurs-on-ai-act-plenary-vote_20240313-1100-SPECIAL-PRESSER
https://multimedia.europarl.europa.eu/en/webstreaming/press-conference-by-brando-benifei-and-dragos-tudorache-co-rapporteurs-on-ai-act-plenary-vote_20240313-1100-SPECIAL-PRESSER
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Figure 20. Perplexity, 14 April 2024 
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Figure 21. Perplexity30 April 2025 

 



Kollárová, Karolína and Tonková, Lucia 2025. The Use of Generative Artificial Intelligence in 
Interpreter Preparation. In: L10N Journal 1(4), pp. 67–109. 

104 

 

 
 

In 2024, Perplexity provided a clear, albeit somewhat general, answer to who said what, 
where, and when about this draft regulation, while also summarizing this information. 
Interestingly, for the second video, which is a several-hour-long plenary session dealing 
with many issues, it stated that it was focused only on the AI Act, which is not true. This 
might suggest that Perplexity did not “watch” the whole video, only the beginning, or 
that it only used the available metadata. This was different in 2025: the model’s 
answers regarding the content of the videos were more accurate, but also more general 
and structured. In the first case, Perplexity did not mention the AI Act being the topic of 
discussion at all. 

Although GenAI models may not always be 100% accurate or specific in fulfilling this 
task, they enable interpreters to familiarize themselves with the source materials and 
determine what they should read or watch. The interpreter can then, of course, focus 
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more on one of the videos and ask for a more detailed summary or information on the 
positions taken by individual speakers. 

Given that the AI models examined in this study are not yet fully capable of processing 
audiovisual material with complete accuracy, interpreters may consider utilizing other 
specialized tools, such as Microsoft Word’s Transcribe Audio function, which employs AI 
to transcribe MP3 files. The resulting transcription can then be used by the interpreter 
as a standard text document for further preparatory work. 

A situation where an interpreter has a large amount of source material is certainly more 
advantageous than when they have none, but in this case, they must cope with quite an 
information overload. GenAI can help them sort through this information and 
determine which parts are important. When creating glossaries, it can extract key terms 
from the source material to a certain extent and analyze and summarize the source 
material itself (both text and audiovisual). 

5 Conclusion 

The integration of GenAI into the preparation process represents a major shift in the 
field of interpreting. This shift seems inevitable, but it is also beneficial, as it helps 
interpreters cope with the ever-increasing pressure they are under. Although it has 
been confirmed that GenAI is not perfect in all respects and that it is important to test 
it, it undoubtedly saves interpreters valuable time in their preparation. 

GenAI is constantly developing, which is why it is important to address this topic from 
the very beginning. It is also very important for interpreters, as they are facing 
increasingly demanding requirements. We believe that GenAI is a tool that can alleviate 
this pressure and help them cope with it. Therefore, this topic should be discussed 
constructively and clearly so that interpreters can acquire the necessary knowledge to 
help them work with GenAI, as simply “trying out” GenAI often leads to 
disappointment, frustration, or even security risks. 

The aim of this article was to show how interpreters can incorporate AI into their 
preparation so that its use is as safe and effective as possible. We explained how (Gen)AI 
is influenced by various factors in the form of data and hallucinations. In the field of 
GenAI ethics, we focused on the fact that although different companies and 
organizations often give the impression that they approach models with ethical 
principles, real ethical responsibility and safety still lie in the hands of users. Finally, 
using two model situations (insufficient prior documentation and sufficient prior 
documentation), we pointed out different ways of using multiple GenAI models. 

We also compared the GenAI output from 2024 and 2025. Based on how its answers 
changed, it can certainly be said that GenAI is still a work in progress, but it is 
developing very rapidly. The output is certainly more structured, but one still cannot 
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rely on its content. In other words, it did not change much, and even if it did, not 
necessarily for the better. Based on our findings, we recommend that users, including 
interpreters: 

• always formulate their prompts based on the CLEAR framework, or be as 
concise, logical, explicit, adaptive, and reflective as possible, 

• specify the desired length and format of the output; otherwise, they might 
be overwhelmed by the amount of information they receive, 

• develop one thread for one topic; do not start a new thread, 
• be aware of hallucinations that occur in 2025 just like in 2024, 
• bear in mind the question of ethics and always ask themselves whether it 

is suitable to disclose the given information, 
• be careful when using GenAI models for translation, summarizing 

audiovisual materials and multilingual term extraction due to 
hallucination and poor translation,  

• provide GenAI with sources they wish to use, if there are any, 
• explore new (features of) GenAI models, such as speech recognition or 

document upload, which may enable them to be even more effective in 
their preparation. 

We would like to point out that this article should not be seen as a manual for 
interpreters on how to work with AI, but rather as an introduction to the issue. The field 
of GenAI is changing too rapidly to be described in detail, so this is only a snapshot in 
time. It is not a guide on how interpreters should use it, but rather on how to view it. 
GenAI models are communication channels, and just as children must learn to 
communicate with different people, we must learn to communicate with GenAI. The 
part focused on prompts is therefore only an outline of the issue, rather than a specific 
description of the procedure, as each interpreter must acquire this new skill on their 
own. 

When working with GenAI models, we realized that their performance can often be 
impressive, but this is mainly when the user has a specific idea of what to expect from 
the model. It is also very important to note that although GenAI represents a significant 
technological advance, as we indicated in the first chapter, it is not yet fully on par with 
human intelligence and therefore needs to be constantly monitored and verified to 
determine which tasks it is suitable for and which it is not. 

GenAI is not a tool that an experienced interpreter can trust 100%, whether we are 
talking about security, fact-checking, or its summarizing abilities. However, an 
experienced interpreter will quickly understand that GenAI can be a partner. It is a tool 
that can save time, make work easier, and optimize performance, as long as users 
remember one important rule: always verify the output. At least for now.  
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